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This research investigates the complexities of online discourse by
conducting a detailed toxicity and topic analysis of travel vlog content on
user-generated platforms. By analyzing 1,503 posts using the Perspective
API, the study finds generally low levels of toxicity, with an average
toxicity score of 0.06995 and a peak of 0.78207, and similarly low average
scores for severe toxicity, identity attack, insult, profanity, and threat
(0.00654, 0.01237, 0.03778, 0.06241, and 0.01186, respectively). However,
the highest recorded values for these measures—o.45895 for severe
toxicity, 0.69287 for identity attack, 0.63084 for insult, 0.81864 for
profanity, and o.51957 for threat—highlight the sporadic presence of
harmful content. Advanced clustering techniques, such as HDBScan, k-
Means, and Gaussian Mixture models, enable a comprehensive
examination of thematic diversity and sentiment distribution within the
comments, offering valuable insights into audience engagement and
perception. These findings underline the critical need for compelling
content moderation and community management strategies to mitigate
toxic behaviors and promote a positive digital environment. The study
concludes that as digital media evolves, further research into toxicity,
thematic content, and user engagement is essential for enhancing
theoretical frameworks and practical applications in digital
communication.
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1. Introduction

The urgency of researching the toxicity and topic analysis of travel vlogs, mainly through multilingual
embedding models such as the voyage-multilingual-2, lies in its potential to enhance understanding of
cultural dynamics in digital communication and mitigate the spread of harmful content. As a popular
medium on social platforms, travel vlogs often reflect diverse cultural narratives and perspectives,
making them a rich resource for linguistic and sociocultural analysis [1]-[5]. However, these vlogs also
risk disseminating toxic discourse, which can perpetuate stereotypes, misinformation, and negative
sentiments across global audiences [6]-[9]. The voyage-multilingual-2 model, with its capacity for
nuanced multilingual analysis, offers an advanced method to dissect these complexities by identifying

Homepage: www.medikom.iocspublisher.org



JTICIT p-ISSN 2337-8646  e-ISSN 2721-561X m 200

underlying topics and assessing sentiment across different languages, thereby contributing to a more
comprehensive understanding of the digital landscape [10]-[13]. Moreover, leveraging such
sophisticated models to analyze the multilingual aspects of toxicity and topic emergence in travel vlogs
could inform strategies to promote more inclusive and positive online interactions. Addressing these
challenges advances academic knowledge and holds practical significance for platform moderation,
policy-making, and promoting respectful digital communication across linguistic and cultural
boundaries.

This research aims to explore and elucidate the patterns of toxicity and thematic content in
travel vlogs by applying a multilingual embedding model, specifically the voyage-multilingual-2. This
study seeks to unravel the complex interplay between language, culture, and sentiment by systematically
analyzing diverse narratives presented in travel vlogs. It provides a comprehensive understanding of the
factors contributing to both positive and negative discourse in digital media. Such an examination is
critical in discerning the subtle yet significant ways language and culture shape online communication,
influencing public perception and behavior [14]-[16]. The research offers a novel approach to
understanding digital interactions across various linguistic contexts using advanced computational
techniques to decode these patterns. Ultimately, this investigation aims to advance theoretical
knowledge in computational linguistics and digital media studies and inform practical strategies for
enhancing the quality of online communication, thereby fostering a more inclusive and respectful
digital environment.

The novelty of this research lies in its innovative application of the voyage-multilingual-2 model
to analyze toxicity and thematic content in travel vlogs, which represents a significant departure from
traditional monolingual approaches to sentiment analysis. Unlike previous studies primarily focused on
single-language datasets, this research embraces a multilingual perspective, enabling a more nuanced
understanding of how toxic discourse manifests across different languages and cultural contexts [3],
[17]-[20]. By leveraging advanced multilingual embedding techniques, the study offers a fresh
methodological approach that captures subtle variations in language use and sentiment expression that
conventional models often miss [21]-[24]. This unique focus provides a richer analysis of digital
communication and addresses a critical gap in existing literature regarding the influence of linguistic
diversity on online interactions. Such an approach enhances the capacity to detect and interpret toxic
content with greater precision, thereby contributing to developing more effective moderation strategies
on digital platforms.

This research's theoretical and practical implications extend beyond merely advancing the
academic discourse on multilingual sentiment analysis and toxicity detection in digital media.
Theoretically, the study contributes to the broader understanding of how language models, such as the
voyage-multilingual-2, navigate the intricate dynamics of multiple languages and cultural contexts to
identify and interpret toxic content. This understanding enhances existing computational linguistics
and digital humanities frameworks, offering new insights into language representation and sentiment
analysis in diverse and complex settings. Practically, the findings provide valuable tools for improving
content moderation systems on digital platforms, particularly those hosting user-generated content like
travel vlogs. By identifying toxic language patterns and promoting more inclusive communication, the
study aids in developing more effective strategies to combat online toxicity, thereby fostering a safer and
more respectful digital environment [25]-[28]. Such dual contributions underscore the study's
significance, advancing theoretical knowledge and offering practical solutions to real-world challenges
in digital communication.

Similar research in digital media studies has often focused on analyzing sentiment and toxicity
across various social media platforms. Yet, as this study proposes, few have comprehensively integrated
the complexity of multilingual contexts and cultural narratives. Previous studies have primarily utilized
monolingual or bilingual models to examine the prevalence of toxic language and its impact on user
interactions, often overlooking the nuanced differences that arise in a multilingual environment [29]-
[31]. It is argued that a more sophisticated approach, incorporating multilingual embedding models,
offers a deeper understanding of how toxicity is expressed and perceived differently across languages
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and cultures. Such an approach enables more accurate detection of harmful content and provides
insights into the sociocultural dynamics that influence digital communication [32]. Consequently, this
research not only builds upon existing literature by addressing these gaps but also introduces a novel
methodology that holds significant promise for enhancing the accuracy and relevance of toxicity
detection in a rapidly globalizing digital landscape.

One significant limitation of this research is its reliance on the voyage-multilingual-2 model,
which, while advanced, is not without constraints in capturing the full complexity of multilingual and
multicultural nuances in digital communication. The model's dependency on pre-existing linguistic
datasets means that subtle variations in regional dialects, colloquialisms, or emerging slang may not be
accurately represented or understood, potentially leading to misinterpretation of toxic content or
cultural references. This shortcoming is further exacerbated by the rapidly evolving nature of online
language, where new terms and expressions frequently emerge, challenging the model's adaptability
and relevance over time. Moreover, the focus on textual data alone may overlook the multimodal nature
of travel vlogs, which often combine visual and auditory elements that contribute significantly to
meaning-making and viewer interpretation. These limitations suggest that while the study offers
valuable insights into the linguistic dimensions of toxicity, there is a need for further refinement of
analytical tools and the inclusion of more diverse data sources to achieve a more holistic understanding
of digital communication in multilingual settings.

2. Research Methodology

The Digital Content Reviews and Analysis Framework is designed to evaluate and interpret digital
content systematically, mainly focusing on the toxicity and thematic analysis of travel vlog content.
This framework integrates multiple stages, beginning with the collection of content reviews and text
data, followed by a meticulous data processing phase that distinguishes between toxicity perspective
and topic analysis. The framework employs sophisticated clustering techniques such as HDBSCAN, K-
means, and Gaussian Mixture models to conduct a detailed topic analysis, which enables a deeper
understanding of underlying patterns and thematic structures within the content. Furthermore, the
processed data undergoes a rigorous evaluation and visualization process to facilitate insightful
interpretation and context analysis, ultimately providing a comprehensive assessment of digital
content's nature and impact. By adopting such a multidimensional approach, the framework enhances
the accuracy of detecting toxic elements. It offers a robust methodology for the thematic exploration
of digital narratives, contributing to a more nuanced understanding of online communication
dynamics.

Digital Content Reviews and Analysis Framework

Content Reviews Data Processing Evaluation and Visualization Context Analysis
Toxicity : Perspective.
. - + Data Evaluation Toxicity and Tapic Analysis
Text Data Bt + Data Visualization of Travel Vieg Content

« HDBScan
+ k-Meas.
~ Gausian Mixture

Figure. 1. Implementation of Digital Content Reviews and Analysis Framework

The data utilized in this study comprises comments extracted from a YouTube video with the ID
igtgpbdo-bk, titled "EPIC INDONESIA (Malang, Banyuwangi, Bali),” which was published by the
channel BackpackerTampan and has garnered 639,726 views since July 14, 2019. As of August 29, 2024,
this video has elicited 1,927 comments, reflecting a significant audience engagement and interaction
level. The collection of these comments, conducted through a scraping process on August 29, 2024, at
05:07 using the Communalytic tool, presents a valuable dataset for analyzing viewer sentiment and
discourse surrounding the content. The substantial volume of responses offers a rich ground for
exploring various aspects of digital communication, including sentiment dynamics and thematic
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elements. This methodological approach facilitates a comprehensive examination of audience
interaction patterns. It contributes to a deeper understanding of the sociocultural implications
embedded within digital platforms, highlighting the relevance and utility of such data in contemporary
media studies.
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Figure. 2. Post-per-day statistic

Based on the post-per-day statistics, it is evident that the activity surrounding the YouTube video "EPIC
INDONESIA (Malang, Banyuwangi, Bali)" experienced a significant surge in comments and replies
immediately following its publication in 2019, with a sharp decline in engagement over time. This
initial spike reflects a heightened interest and interaction from viewers, likely driven by the video's
fresh content and the immediate relevance of its themes to the audience at that time. As the novelty
of the video content diminished, the frequency of comments and replies progressively decreased. It
suggests a typical pattern of audience engagement where initial reactions are concentrated shortly
after release, followed by a gradual tapering off. Such a trend underscores the importance of temporal
factors in digital content interaction, where the relevance and impact of media diminish as time
progresses. Understanding these dynamics is crucial for optimizing content strategy and maximizing
viewer engagement over extended periods, highlighting the temporal nature of digital audience
behavior.

The word cloud generated from the comments visually represents viewer responses to the
published digital content, effectively capturing the most frequently used words and phrases that
characterize audience sentiment and engagement. This visualization highlights the key themes and
emotions that resonate with viewers, offering a snapshot of the collective discourse surrounding the
content. By examining the prominence of specific terms, valuable insights can be gained into the
underlying sentiments and topics that dominate the conversation, whether they reflect positive
engagement, criticism, or contentious debates. Connecting these findings to the broader context of
this research is crucial, as it allows for a deeper understanding of how digital content influences
audience perception and interaction patterns. Such an analysis enriches the interpretation of online
discourse and informs content creation and moderation strategies, ultimately contributing to more
effective digital communication and community building.
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Figure. 3. Word Cloud

Based on the word cloud generated from the comments on the YouTube video "EPIC INDONESIA
(Malang, Banyuwangi, Bali)," it is evident that viewer responses are predominantly positive, as
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indicated by the frequent use of terms such as "keren" (excellent), "banget” (very), and "bagus” (good).
The prominence of these words suggests a general appreciation for the content, highlighting its appeal
to the audience. Additionally, the recurring words "video," "channel,” and "subscribe" reflect viewers'
engagement with both the content and the creator, indicating a level of endorsement and a call to
action for other viewers to engage similarly. The presence of terms like "Indonesia,” "Malang,” and
"Banyuwangi” points to a strong regional and cultural connection, which might resonate with viewers'
sense of identity and pride in the representation of their locales. This linguistic analysis demonstrates
how the language used in viewer comments aligns with emotional responses to the content and
community engagement. Underscoreses the video's success in fostering positive viewer interaction and
cultural affinity.

Identifying top-ten posters plays a crucial role in recognizing the key actors who significantly
contribute to increasing the rating and popularity of digital content. These individuals often exhibit
high levels of engagement, frequently commenting, sharing, or interacting with the content, which
amplifies its visibility and enhances its perceived value to other viewers. Their active participation can
stimulate further discussions and encourage additional user interactions, creating a ripple effect that
boosts the content's reach and attractiveness. Analyzing the behavior and influence of these top
contributors makes it possible to understand the mechanisms through which certain content gains
traction and achieves widespread popularity. This understanding is vital for developing targeted
strategies that leverage the influence of such key actors to optimize content performance and foster
more dynamic and engaged digital communities.

@BackpackerTampan
@aliolfat5827
@notaident
@kindlejoy
@FAMILYIM
@hactic7172
@ilhamtangahu
@anglerampas3335
@Executivepower55
@donnalorenza2477

Figure. 4. Top Ten Poster

Based on the analysis of the top ten posters commenting on the YouTube video "EPIC
INDONESIA (Malang, Banyuwangi, Bali)," it is evident that the user @BackpackerTampan significantly
dominates the discussion, contributing 70 comments, which accounts for 69.3% of the total comments
from the top ten posters. This disproportionate level of engagement suggests that
@BackpackerTampan may be the content creator actively interacting with viewers or a highly engaged
fan of the video, aiming to foster community interaction or boost the video's visibility. In contrast, the
remaining nine users, including @aliolfat5827, @notaident, @kindlejoy, and others, contribute far
fewer comments, ranging from three to four each, indicating a more sporadic engagement pattern.
Though limited in volume, the presence of these users still reflects a diverse audience interacting with
the content. Such a concentration of posts by a single user highlights the need to consider the role of
highly active participants in shaping the discourse and dynamics within online communities, which
can have implications for understanding engagement strategies and content dissemination on digital
platforms.

Based on the collected text data, the subsequent processing will follow the steps outlined in
the Digital Content Reviews and Analysis Framework to achieve the desired research objectives. This
framework systematically guides the data through various stages, including preprocessing, sentiment
and toxicity analysis, and thematic clustering, ensuring that the nuances of digital discourse are
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thoroughly examined. The structured approach is designed to enhance the accuracy of the analysis,
providing deeper insights into both the positive and negative aspects of viewer engagement with the
content. By meticulously adhering to these methodological steps, the framework not only facilitates a
comprehensive evaluation of the data but also aligns the analytical process with the overarching goals
of the study. Thus, this rigorous approach enables the extraction of meaningful patterns and trends
from the dataset, ultimately contributing to a more informed understanding of digital content
dynamics and its impact on online communities.

3. Result and Disscusion
Toxicity Score and Interpretation

The toxicity score plays a crucial role in this research by quantitatively measuring the harmful
language in the comments on the YouTube video "EPIC INDONESIA (Malang, Banyuwangi, Bali)."
This score is instrumental in identifying and quantifying the prevalence of harmful content within user
interactions, such as insults, threats, or identity attacks, thereby accurately gauging the online
discourse's overall tone. Understanding these toxicity levels is essential for analyzing how such harmful
elements influence viewer engagement and community dynamics, potentially impacting the video's
reception and the platform's social environment. The ability to pinpoint specific instances of high
toxicity allows for a more targeted approach to moderating and managing online content, aiming to
foster a safer and more respectful digital space. Thus, integrating toxicity scores into the research
framework enhances the study's capacity to assess and interpret the complexities of digital
communication, ultimately contributing to developing more effective strategies for online community
management and policy-making.

The analysis conducted by Communalytic on 1,503 posts out of 1,927 comments using the
Perspective API reveals insightful metrics about the nature of online discourse surrounding the
YouTube video "EPIC INDONESIA (Malang, Banyuwangi, Bali)." The dataset shows an average toxicity
score of 0.06995, with the highest recorded value reaching 0.78207, indicating a generally low level of
toxicity but with instances of significantly higher toxicity. The scores for severe toxicity, identity attack,
insult, profanity, and threat are also relatively low on average, with values of 0.00654, 0.01237, 0.03778,
0.06241, and 0.01186, respectively. However, the maximum scores for these categories—o0.45895 for
severe toxicity, 0.69287 for identity attack, 0.63084 for insult, 0.81864 for profanity, and 0.51957 for
threat—suggest that specific comments exhibit markedly higher levels of harmful language. This
discrepancy between average and peak values underscores the sporadic but potentially impactful
presence of negative discourse in the comment section, emphasizing the importance of continuous
monitoring and moderation to maintain a constructive online environment.

Average Toxicity Scores per Month
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Figure. 5. Average Toxicity Score per Month
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The calculated toxicity scores from the analyzed dataset provide a comprehensive view of the
varying levels of negative discourse present in the comments section of the YouTube video "EPIC
INDONESIA (Malang, Banyuwangi, Bali)." An average toxicity score of 0.06995, coupled with a peak
value of 0.78207, suggests that while most comments are generally non-toxic, there are occasional
instances where toxicity spikes considerably. The relatively low average scores for severe toxicity
(0.00654), identity attack (0.01237), insult (0.03778), profanity (0.06241), and threat (0.01186) further
indicate that highly harmful language is not pervasive throughout the dataset. However, the highest
recorded values in these categories—ranging from 0.45895 for severe toxicity to 0.81864 for profanity—
demonstrate that specific comments contain significantly harmful content, which, although
infrequent, could impact the overall tone of the discussion. This variability highlights the presence of
sporadic but potentially damaging language within the community. Such findings underscore the need
for vigilant content moderation and targeted interventions to mitigate the effects of toxic discourse
and promote a healthier, more constructive online interaction environment.

The relevance of these toxicity scores to this research lies in their ability to shed light on the
dynamics of online discourse, particularly within the context of travel vlogs on YouTube. The findings
offer a nuanced understanding of how digital interactions can vary widely, from generally benign or
positive to occasionally highly toxic, reflecting the complex nature of user engagement on social media
platforms. This research posits that examining the peaks and variations in toxicity and other harmful
language indicators is essential for understanding such content's potential impact on audience
perception and community dynamics. Moreover, the data highlights the critical need for adaptive
content moderation strategies that address overtly harmful language and anticipate subtler forms of
negativity that may influence the overall tone of discussions. By integrating these insights, the research
contributes to a broader discourse on enhancing digital communication, advocating for more informed
and responsive approaches to managing online communities, thereby fostering a more positive and
inclusive digital environment.

Topic Analysis based on HDBScan, K-means, and Gaussian Mixture

The integration of topic analysis using HDBScan, k-Means, and Gaussian Mixture models is
paramount in this research as it provides a multifaceted approach to understanding the thematic
structure of comments on the YouTube video "EPIC INDONESIA (Malang, Banyuwangi, Bali)." Each
clustering algorithm brings a unique strength: HDBScan identifies clusters of varying densities, k-
Means segments data into distinct groups based on centroids, and Gaussian Mixture allows for the
probabilistic assignment of comments to multiple clusters. This combination enables a comprehensive
exploration of semantic patterns and user sentiment, offering insights into how different audiences
interact with and perceive the content. Such diversity in clustering techniques allows for a more robust
identification of critical themes and underlying sentiments, facilitating a deeper understanding of the
digital discourse's complexity. Using these algorithms in tandem enhances the reliability and depth of
the analysis, ensuring that both distinct and overlapping topics are accurately captured. Therefore,
applying these advanced topic analysis methods significantly contributes to a more nuanced
interpretation of the data, ultimately supporting more informed decisions in managing and
understanding digital communication dynamics.

Given that embeddings are represented as vectors within a multidimensional space—
specifically, 1024 dimensions in the context of the voyage-multilingual-2 model using a dimension
reduction algorithm such as UMAP becomes crucial for effective visualization. UMAP, or Uniform
Manifold Approximation and Projection, distills these high-dimensional embeddings into a more
understandable three-dimensional space, facilitating a clearer understanding of the data's structure
and relationships. This process is precious for identifying patterns and clusters that may not be
immediately apparent in higher-dimensional forms, offering a more intuitive grasp of complex
linguistic nuances captured by the model. Moreover, visualizing embeddings in a reduced dimension
allows for more accessible interpretation and communication of findings, mainly when presenting to
audiences unfamiliar with the intricacies of multidimensional analysis. This approach underscores the
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importance of dimension reduction techniques in computational linguistics, as they provide a practical
means to bridge the gap between sophisticated mathematical representations and their meaningful,
real-world interpretations.

HBDscan k-Means Gaussian Mixture

Figure. 6. Topic Analysis based on Cluster (HBDScan, KMeans, and Gaussian Mixture)

The clustering results derived from the HDBScan algorithm provide valuable insights into the semantic
similarities among the comments on the YouTube video "EPIC INDONESIA (Malang, Banyuwangi,
Bali)." The visualization in the 3D Semantic Similarity Map, which identifies distinct clusters of
comments, reflects varying thematic and sentiment-based groupings within the dataset. Multiple
clusters indicate diverse topics and opinions, suggesting that viewers engage with the content in
several ways, each cluster potentially representing unique perspectives or recurrent themes. It is
reasonable to infer that comments within the same cluster share more semantic similarities and
perhaps exhibit similar sentiment levels, ranging from positive engagement to critical feedback. The
dispersion and density of these clusters reveal the complexity of audience interactions and the range
of conversations stimulated by the video. This clustering analysis underscores the heterogeneity of
user engagement, emphasizing the need for nuanced approaches to moderating and understanding
digital discourse in multilingual and multicultural contexts.

The clustering results produced by the K-means algorithm, as depicted in the 3D Semantic
Similarity Map, offer a structured representation of the semantic relationships among comments on
the YouTube video "EPIC INDONESIA (Malang, Banyuwangi, Bali)." By dividing the dataset into
clusters, the algorithm effectively groups comments based on similarities in language use, sentiment,
and thematic content. The clear separation and distribution of clusters indicate that user interactions
encompass a range of distinct yet related topics, reflecting how viewers engage with and interpret the
video content. This separation suggests that the clustering approach captures major themes and
nuanced subtopics within the discourse, allowing for a more granular understanding of audience
sentiment and engagement. The effectiveness of K-means in this context highlights its utility in
simplifying complex data into more interpretable segments, facilitating deeper analysis of the patterns
and trends in digital communication. Ultimately, this clustering visualization underscores the
multifaceted nature of online discussions, illustrating the value of advanced analytical techniques in
revealing the underlying structures within large datasets.

The clustering results obtained using the Gaussian Mixture Model (GMM) provide a nuanced
understanding of the semantic structure within the dataset of comments on the YouTube video "EPIC
INDONESIA (Malang, Banyuwangi, Bali).” Unlike deterministic clustering methods, GMM employs a
probabilistic approach, allowing each data point to belong to multiple clusters with varying degrees of
membership. This method reveals overlapping clusters in the 3D Semantic Similarity Map, indicating
that specific comments may share characteristics with multiple themes or sentiments. Such overlaps
suggest a more complex and fluid structure of discourse, where user interactions cannot be strictly
categorized into distinct groups. The density and proximity of these clusters reflect the intricate ways
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in which different topics and sentiments converge, providing a richer and more flexible framework for
interpreting audience engagement. This probabilistic clustering approach underscores the dynamic
nature of online conversations and the value of adopting more sophisticated analytical techniques to
capture the subtle interrelations and gradations of meaning within large-scale digital datasets.

Discussion: Toxicity and Topic Analysis of Travel Vlog Content in the Digital Era

The toxicity and topic analysis of travel vlog content offer valuable insights into the dynamics
of online communication and community engagement on digital platforms. As a unique form of user-
generated content, travel vlogs often attract diverse audiences who interact with the content in various
ways, from sharing positive experiences to expressing criticisms or negative sentiments. Analyzing the
toxicity levels within these interactions helps to understand the extent and nature of harmful language,
while topic analysis reveals the underlying themes and narratives that drive user engagement. Such an
approach is crucial for identifying patterns of discourse that may impact audience perception and the
overall atmosphere of online communities. By combining toxicity and topic analysis, the research
provides a comprehensive framework to assess the quality of interactions and the thematic content
that shapes digital communication. This dual analysis is essential for developing strategies to enhance
content moderation, foster positive engagement, and promote a more inclusive and constructive
digital environment.

The study of toxicity and topic analysis of travel vlog content has become increasingly
important in the digital era, where user-generated content plays a pivotal role in shaping public
opinion and cultural narratives. Travel vlogs, which blend personal experiences with visual storytelling,
attract a wide range of audience interactions, from enthusiastic support to critical feedback, making
them a fertile ground for analyzing online discourse. Understanding toxicity levels within these
discussions is essential for identifying harmful behaviors and fostering healthier digital communities.
Simultaneously, topic analysis provides insights into the themes and narratives that resonate most
with viewers, revealing cultural trends and audience preferences. Such dual analysis is crucial in an era
where digital content consumption significantly influences social attitudes and behaviors. By
examining the quality of discourse and the thematic content in travel vlogs, this research contributes
to a deeper understanding of digital communication dynamics. It helps develop strategies to promote
positive engagement and mitigate negative impacts in online environments.

The challenges associated with travel vlog content in the digital landscape are multifaceted,
encompassing issues related to content authenticity, audience engagement, and the management of
online discourse. Travel vlogs often present highly curated experiences, which, while engaging, may
lead to unrealistic expectations among viewers and perpetuate certain stereotypes or biased
representations of destinations. Maintaining a high viewer engagement poses a challenge, as content
creators must continuously innovate to capture audience interest in an increasingly saturated market.
Another significant challenge lies in managing the diverse range of responses that travel vlogs evoke,
from enthusiastic praise to toxic comments that can impact both the content creator's reputation and
the broader community discourse. Such varied interactions necessitate a careful approach to content
moderation and community management, ensuring that constructive discussions are fostered while
mitigating the effects of negativity. Addressing these challenges requires a nuanced understanding of
both the creative and communicative aspects of travel vlogging, highlighting the need for strategies
that balance authenticity, engagement, and healthy online environments.

The effectiveness of travel vlog content in destination marketing is evident in its ability to offer
authentic, visually engaging narratives that captivate potential tourists. Travel vlogs leverage personal
storytelling and immersive visuals to provide viewers with a vicarious experience of a destination,
which can be more persuasive than traditional advertising. This form of content allows audiences to
witness real-life experiences and emotions, which helps to build trust and a deeper connection with
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the destination being showcased. Furthermore, travel vlogs often reach a diverse audience through
social media platforms, enhancing their potential to influence travel decisions on a global scale. The
persuasive power of these vlogs is further amplified by the perceived credibility of content creators,
who are often viewed as genuine travelers sharing their unbiased opinions. Consequently, travel vlogs
serve as a tool for raising awareness and converting interest into actual visitation, making them a highly
influential component of destination marketing strategies.

4. Conclusion

In conclusion, this research underscores the complexities of online discourse through a detailed toxicity
and topic analysis of travel vlog content, shedding light on both the opportunities and challenges
inherent in digital communication on user-generated platforms. The analysis of 1,503 posts using the
Perspective API revealed that the average toxicity score was 0.06995, with a peak value of 0.78207,
indicating generally low toxicity levels with occasional spikes. Similarly, other measures such as severe
toxicity, identity attack, insult, profanity, and threat exhibited low average scores of 0.00654, 0.01237,
0.03778, 0.06241, and 0.01186, respectively. At the same time, their highest recorded values reached
0.45895, 0.69287, 0.63084, 0.81864, and 0.51957, demonstrating the sporadic presence of harmful
content. These results highlight the importance of understanding the varied nature of online
interactions, particularly in identifying and managing toxic behaviors that can impact the overall tone
of digital communities. Advanced clustering techniques, including HDBScan, k-Means, and Gaussian
Mixture models, effectively captured the thematic diversity and sentiment distribution within the
comment dataset, providing deeper insights into audience engagement and perceptions. Such findings
emphasize the need for strategic content moderation and community management to enhance the
quality of digital interactions and foster a more inclusive and constructive online environment. As
digital media continues to evolve, further research into toxicity, thematic content, and user engagement
will be vital for advancing theoretical understanding and practical strategies in digital communication.
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